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On Similarity Measures for Choosing Semantically Equevalent Expressions
in Entrance Examination of English
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This paper investigates word sense estimation (WSE) for solving English problems in the National Center Test
for University Admission. The WSE problem requests an examinee to choose one English word/phrase out of four
choice options which has the closest meaning to the given word/phrase in a English text. We applied three kinds of
measures for choosing options: 1) phrase level similarity between the given word and an option, 2) language model
likelihood of the text replacing the given word with an option, and 3) sentence level similarity calculated by a
paraphrase recognizer. Experimental results have shown that the phrase level similarity using word2vec combined
with an English dictionary and idf weights is most effective achieving 69% accuracy.
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fi] 2: In my high school years, my friend and I felt that
Mr.
teacher. He was not tall or well-built, but he was able

Bell was the epitome of a good high school PE

to teach sports which often required a lot of strength
Furthermore, he had the ability to
make us do our best and never give up. Even today I

and endurance.

believe I have never met a better PE teacher.

In this situation, the epitome of a good PE teacher is
one who is the .
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..Mr. Joseph Malunga is a maverick politician. ...
In this passage, maverick means someone who 4
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