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Estimation of Transferable Reward Function via Inverse Reinforcement Learning
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Though reinforcement learning has been popular for its applicability to control systems using minimum knowledge
about their dynamics, it is impractical in real world applications because it takes long time to reach a certain
policy from scratch. Transfer learning, in an RL setting, typically attempts to decrease training time by learning
a source task before learning the target task. In this study, we propose a method to transfer reward function from
the environment information using Inverse Reinforcement Learning. The effectiveness of the proposed method is

verified by empirical experiments of maze problems.
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