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This paper describes a method for utterance selection in dialogue related to things-oriented activities. The method
learns to generate descriptive texts from things-oriented activity descriptors using a encoder-decoder LSTM neural
network and to select utterances about related topics on a contextual topic network. Through experiments using an
image dataset with action annotations and captions and web-scraped corpora, it is shown that topics of utterances
follow things-oriented activity transitions based on the learned descriptive text generator and utterance selector.
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things_activity := things_action{; things_action}”.
things_action := [things, {rel}*,{action} [, subject]
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sandwich.n.01, light_contact.r.cw ahead.r.01,
hold.v.00 eat.v.00 touch.v.00 ; sit.v.00.
laptop.n.01,light_contact.r.cw ahead.r.01,
touch.v.00 look.v.00 use.v.00 ;
chair.n.01, full_contact.r.cw below.r.01,
touch.v.00 use.v.00 ; sit.v.00 .
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spoon.n.01, light_contact.r.cw ahead.r.01,
hold.v.00 touch.v.00 use.v.00 ;

bowl.n.01, near.r.01 ahead.r.01 , use.v.00 ;
sit.v.00 pose.v.00 ;

dining_table.n.01, light_contact.r.cw below.r.01,
= touch.v.00 use.v.00 .

BB
aman who is eating some food out of a bow! .

aman issitting in a break room eating ameal .

aman eating abowl of stew with some flat bread .

amanin ablue shirt eating a meat and bread dish from abowl .
aman issitting down at atable, eating his stew and tortillas .
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