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Extraction of relations in distributed representation of words
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Distributed vector representation of words has played a wide range of roles in natural language processing and become more
important because of its ability to capture a large number of syntactic and lexical meaning or relationship. Relation vectors are
used to represent relations of words but it has some problems; some of relations cannot be explained, for example sibling-
relation, parents-relation and many-to-one-relation. To deal with the problems we created novel representation of relation.
Relations are represented by planes instead of vectors in representation space and it enables us to predict relation more

accurately.
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