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The Influence of Information Distribution on the Performance of
Route Selection Prediction Market System
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When we face a problem which can be captured as a shortest path problem, it is not always straightforward to
resolve it due to the limit of available information on the topology of the network as well as the weight of each arc.
Thus, the authors proposed a prediction market approach to recommend appropriate paths by supplementing the
lacking information on the conditions with collective intelligence. This study conducts laboratory experiments to
investigate the performance of the route selection prediction market system under different information distribution.
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