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In the field of natural language processing, the representation of non-verbal information using verbal information

has been studied in detail.

In particular, the methods employing deep neural network framework have been

actively studied. However, many of those studies employ the method of n-gram based sentence generation with
an encoder-decoder framework, and it is still difficult to generate sentences with correct syntactic structure. With
this background, we attempt to generate sentences with correct syntactic tree structure employing Context-free
Grammar as syntactic rules and Monte Carlo tree search to select syntactic rules properly. The results of our
sentence generation experiments demonstrate the feasibility of the proposed method.
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