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Introducing Dialogue Based Modification to Neural Networks for Image Generation from
Captions
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Generating or retrieving images from natural language descriptions has potential applications in a number of
creative tasks. However, it is not necessarily the case that an retrieved by these systems is sufficiently similar to
the target image that the user imagined in advance. In this paper, we try to solve this problem by introducing a
framework where the user can iteratively refine their request in a dialogue-like manner. We examine how image
retrieval results change over the process of refining the user’s query.
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e Existence: Whether the appropriate objects exist in
the output image

e Color: Whether object color is similar

e Position: Whether the object absolute position in the
image is similar

e Related position: Whether the every relative position
of objects is similar

e Naturalness: the objects in the image look realistic
and natural
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