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Automatic Estimation of Temporal Awareness of Location Reference Expression in Tweets
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We propose a novel model for automatically estimating Temporal Awareness of Location Reference Expressions
in short text messages such as tweet. We modeled this task as target-dependent text classification problem, based
on a Convolutional Neural Network (CNN) model. In our experiments, we investigated several target-dependent
features for temporal awareness classification with crowd-sourced data. With target-dependent features, our model

achieved promising accuracy compared to the baseline model.
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