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Learning the Correspondence between Distributed Semantics of Words and Robot’s Action
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Toward ageing society, it is convinced that robots will have more opportunities for being active at home. As
a requirement for the robots being able to live together with the residents, it is necessary for them to acquire
knowledge through the words and gestures by people, and to share the same experience with them. Considering
these things, in this paper, we aim to make a robot be able to properly behave by the instructions given by people.
Based on this, we propose a method to associate words with robot’s actions so that can guess actions from words. In
concrete, we employed multilayer perceptron to learn the correspondence relation between various types of cooking
actions modified with an ambiguous expression and the meaning of the instructions, and confirmed how much the
actions that a robot has never done can be precisely estimated by the meaning of the given unknown instructions.
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