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Influence analysis of information diffusion focusing on directed networks
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In this paper, we find the most effective network for information diffusion. In the disaster situation, It is necesary

to spread information widly.

Network structure is one of the factor for deciding diffusion degree of information

diffusion. We can discover network structure which maximize diffusion degree. However, the most effective structure
has been not clear. Therefore, we try to find the most effective network to analyze feature which effect diffusion
process with decision tree analysis. Although there are a lot of research of relation between network structure and

infomation diffusion, almost all reseachers use basic network models.

We cannot discuss unified argument from

analysis with the network dataset generated by these basic network model because they only generate extremely
part of the networks. In this research, we analyze with decision tree constructed by diffusion simulation on the
network dataset which have large expression. IC model and LT model are used as information diffusion simulation.
As a result, degree distribution bias and average shortest-path length effect simuration result in both IC model and
LT model, and other features are not factor for maximizing diffusion degree. Therefore, low degree distribution
bias and low average shortest-path length are important for effective information diffusion.
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