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A Basic Study on Generation Model of Complex Network based on Latent Topic
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Complex networks describe a wide range of systems in nature and society such as the WWW, social network
between humans and citation network of research papers. While network generation models proposed so far are
designed to reproduce the network structure of the existing complex network, some real networks are created
according to topics which each node is interested in. We propose a network generation model that creates links
according to the topic distributions of each node. In this work, we implemented the proposed model and conducted

an initial evaluation.
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Start with K, complete graph

repeat
if Probability p then
New node vnew is added to V', vy,ew has no edges.
n+<n+1
for i =0 to m do
Topic z is selected distributed under 6,,,..,-
Node o4 is selected distributed under ¢..
New edge enew = (Vnew, Vord) is added to E.
end for
else
Node z is selected distributed under outdegree.
Topic z is selected distributed under 6.
Node y is selected distributed under ¢..
New edge enew = (z,y) is added to E.
end if
until n = # of node.
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