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In this paper, we propose a method which enables robots to learn object concepts, word meanings and language
model in a bottom up manner. That robots simultaneously learn concepts and language, which improves perfor-

mances of multimodal categorization and speech recognition each other.
The robot learned a lot of objects and words with a human for a month. We

long term learning experiment.

Moreover, in this paper, we conducted

examine our method through the long-term experiment, and discuss how the robot was learning concepts and word

meanings.
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