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Satisfiability (SAT) Problem determines whether exists an assignement of variables that satisfies a given formula.
A SAT Solver is a software that solves SAT problems. In order to solve SAT problems efficiently, we propose a new
method using community structures of graphs induced from application SAT problems. By experiments, we show
that our proposal method solves some problems which existing solvers can’t solve.
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loop {

if (restart J restart_interval == 0){
vig = create_vig();

communities = detect_community(vig);
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5 }
6 target_community = next_community(communities);
7  bump_vsids(target_community, bump_ratio);

8

9 search();

10 restart++;

1}
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restart_interval = 3000
bump_ratio = 1000
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1 loop {

2 if (restart % restart_interval == 0){

3 vig = create_vig(Q);

4 communities = detect_community(vig);

5 sort_by_community_rank(communities)

6 }

7  target_community = next_community(communities);
8  bump_vsids(target_community, bump_ratio);

9

10 search();
11 restart++;
12 }
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U 1: SAT Competition 2014 result(SAT + UNSAT)

SAT UNSAT
0oo M | M+L+D | M | M+L+D
M+L+D 13/49 35/78 -
M+L+D+CS+CR | 11/49 | 3/49 | 35/78 | 13/48

0 2: MO M+L+D+CS+4CR diff
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