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Picture Book Similarity Search by Fusing Multiple Linguistic Features
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Searching for books similar to a favorite book may be helpful on choosing picture books for a child. In this
paper, we propose a similarity search method for picture books which finds similar books to a favorite book; we
carry out searches based on multiple linguistic features, and fuse the results. Experimental results show that the
picture books which appear in the fused result tend to be ranked high at each result regarding the corresponding

feature.
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