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A Ranking Method for Attractions Based on Statistical Model Reflecting Spatial Trust Factor
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We propose a new item ranking method that is reliable and can efficiently identify high-quality items from
among a set of items in review sites using their review scores which were rated and posted by users. Typical
ranking methods rely only on either the number of reviews or the average review score. Some of them discount
outdated ratings by using a temporal-decay function to make a fair comparison between old and new items. The
proposed method reflects trust levels by incorporating a trust discount factor into a spatial-decay function. We
bring in the notion of z-score to accommodate the trust variance that comes from the number of reviews available,
and propose a z-score version of our statistical model. Finally we demonstrate the effectiveness of the proposed

method using the TripAdvisor dataset.
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