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Operations Support for Artificial Satellites with Sensor Data and Logs
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For secure operation of a spacecraft, it is of great importance to survey states of the spacecraft constantly, which
is often too costly for human operators. One of promising solutions is a machine learning technique that learns
models of the data and survey new data automatically. Since information on spacecraft’ states is included not only
in sensor data but also in text data that are written by designers and operators of the spacecraft, the model we learn
has to be adequate for the both types of data. We proposed a model that consisted of mixture of factor analyzers
(MFA) and latent Dirichlet allocation (LDA), and confirmed the validity of the model using actual telemetry data.
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