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Spatio-Temporal Pseudo Relevance Feedback
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As larger and larger amounts of data are harvested, finding just the right piece of information out of this noisy
and heterogeneous ocean of data remains challenging. Many widely adopted scientific data search engines continue

to be mainly based on text semantics.

However, it is not uncommon in scientific big data applications to face

collected data that do not possess text information. In this scenario, search engines fail to retrieve potentially

relevant data.

In this work, we propose a novel pseudo relevance feedback method based on spatio-temporal

and text (STT) information for scientific big data: STT-PRF. Although STT-PRF may simultaneously use STT
information, we show that the missing values in space, time or/and the text are handled efficiently. We tested our
STT-PRF method using the Pangaea repository. Experimental evaluations show that STT-PRF outperforms the

standard baseline methods.
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_ |4
0% Bl T-PRF 76.43 0.79 0.53 0.49 | 0.54
S-PRF 71.36 0.82 0.53 0.50 | 0.56
ST-PRF 79.00 0.81 0.50 0.50 | 0.55
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