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Transition between Exploration and Exploitation in Humans under Uncertainty
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Decision making in an uncertain environment poses a conflict between the opposing demands of gathering new
information and exploiting information, which is called the exploration-exploitation dilemma. It has been shown in previous
studies that the loosely symmetric (LS) model is effective for handling the dilemma with the cognitive biases the model
implements and correlates highly to causal intuition of humans. In this study, we compare behavioral data of humans in
decision making with some representative policies in reinforcement learning to understand humans' iterative decision making

under uncertainty.
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