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This paper shows how to represent an anesthetic activity model using dynamic bayesian network and adequacy of using
dynamic bayesian network. There are four required points for representing anesthetic activity in operation room, which are
multiple locations, multiple actors, dynamics, and uncertainty. Normally, some deterministic model is selected for
representing model, but the model can not treat uncertainty and dynamics for anesthetic points. Bayesian network model is
well known model to represent uncertainty, is used in many domains. Dynamic bayesian network model is a model to expand
bayesian network model to represent dynamics. However, this bayesian network model does not have efficiency for
representing anesthetic activity, because anesthetic activity has multiple actors that possess each breadth of time and the
single dynamic bayesian network model can not represent multiple kinds of breadths of time efficiently. So, we choose a
multiple dynamic bayesian networks to represent multiple time-breadth. The proposed model is to integrate each dynamic
bayesian network for each actor using an interface node that does not have expression of time in the node.
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