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The purpose of this research is to develop a knowledge management framework and process to transform tacit knowledge
in conversation and persuasive skills for the overdue payment collection into explicit knowledge. It is difficult to carry out
quantitative measurements of the persuasive skills of business communications because such skills are likely to involve
difficult to understand, unseen and unknown knowledge. In this paper we present skill mining system, named SMPC (Skill
Mining from Persuasive Communication), to discover distinctive patterns from a large amount of communication data using

the text mining and the statistical methods.

Applying this framework to communication data between operators and

customers in a Japanese telecommunications company, we were successful in converting a part of the tacit skills of the

operators to explicit knowledge.
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Rotation method: Kaiser Method (Vari-max method for
normalization, 6 rotations)
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