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In this research, we propose a method of realizing active learning in Inductive Logic Programming (ILP). If the
data is increased, although hypothesis will improve, the learning time also increases as the number of the data

increases.

Therefore, how to acquire high accuracy by a small number of data is an important research theme.

This research solves it by selecting data required for acquiring high accuracy. Since the quantity of Backgroud
knowledge data has serious influence for the accuracy of Hypothesis in ILP, it is carried out only for Background

knowledge data.
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