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Recently there is a big growth of social networking service (SNS). This service allows users to introduce their
friends to others. We propose a system which provides friend recommendation for SNS. In this system, firstly we
focus on the target user’s friends on SNS. Then we select their friends on SNS, we mean friends of the target user’s
friends, as recommendation candidates. This system gives a score to the strength of the relationship between the
user and each candidate, considering the link structure and the content of the friend introduction description. We
call this score FriendRank. Finally it finds person who may be the user’s acquaintance or person who may share

common interests with the user from the candidates.
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