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Abilities to solve problems are very important for intelligent agents to make their evolution of NNTP especially in the case with

simulations of human communities.

Therefore Massively Parallel Artificial Intelligence: MPAI Agent Simulations should adopt

Intelligent Social Evolution Mechanisms: ISEM which use problem solving by each agent to change its non-Neumann type program:

NNTP instead of mutations and also use social selections instead of natural selections.

Chromosomes are special case of NNTP.

Mutations are extremely simplified case of changes by problem solving. And natural selections which depend on natural environment are
extremely special case of social selections which depend on social environment. Thereby Genetic Algorithms: GA is an extremely

simplified special case of ISEM.
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