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Development of Genetic Algorithms with Systematic Sampling
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An efficient technique, which improves diversity of population in Genetic Algorithms (GAs) for global optimizing
problem, has been developed, based on multi-dimensional Low-Dispersion Sequences (LDS) samplings. The LDS enables
uniformly distributed sampling in each dimension. This characteristics improves the diversity of the population and increases
variable dimension up to 30, applying to Real-Coded GAs, which have fine convergence to the optimum solution, on

complicated benchmark function (Schwefel’s function).
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